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2.3 Richer Convolutional Features for Edge Detection

HTVGGMZ, ML scalefifiedge, SRR EJRIERHER S

image
stage 1 ¥

3x3-64 conv )—» 1x1-21 conv| 5
¥ [1x1-1 conv [loss/sigmoid]
1x1-21 conv]

3x3-64 conv

2x2 pool
stage 2 ¥

*—» x
**=}

2x2 pool
stage 3 ¥

]
[ ax3725+s conv_ |>-{1x1-21 convF<Z>| 1x1-1 cony > deconv}>[loss/sigmoid|

2x2 pool
staged ¥

[ 3X3-51+2 o |~ [Tz o} > [T oy }-~{aecam]} > [oss/egnon]

2x2 pool
stage 5 ¥

N
|3><3-51+200nv >-[ix1-21 convl—-z>|1><1-1 conv |->[deconv}'>loss/sigmoid]

3x3-512 conv 1x1-21 conv]

%

fusion

|

loss/sigmoid

Figure 2: #3



2.4 Improving Super-Resolution Methods via Incremental Residual Learn-
ing
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Figure 3: #4



